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Jlekmmsa 9

Jlormctmyeckasa perpeccus



9.1. OnpepeneHus

(JIuCKpMHUHAHTHBIN METO/)

PaccmoTpuM 3amauy kiaaccudukanuu Ha 2 kinacca: % = {0, 1}
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Cnyuait K xmaccoB: % = {1,2,..., K}. ®ynkuus softmax:
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Paznensitonue moBepXHOCTH (MEXAY KaK0M Mapoi KJIacCOB) CHOBA JIMHEWHBIE:

Pr(Y =k | X=2)=Pr(Y =K | X =2) & B+ Bz =P+ Bpx

3ameuyanue 9.1 MoxxHo npeoOpa3oBaTh U NEPeO0OO3HAYUT:
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9.1.1. Pacyet napameTposB

Kaxk naiitu (49, 51, 520, 52, - - -, Bro, Bx?

B noructudueckon perpeccu napameTpbl 0OBIYHO MOAOUPAIOTCS C MOMOIIBI0 METO/Ia MAaKCUMaIbHOTO
IPaBIOIIOI00MUS.

MakcuMuzanuy MnmojiBepraercs gorapupmuueckas (GyHKIU MPaBIonoa00us
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Bhauane paccmorpuM cinydait K = 2: % = {0, 1}.
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Teneps MOkEM BOCIIOJIB30BATHCSI METOJIOM I'PAJMEHTHOTO CITyCKa WK 0oJiee MPOABUHYTHIM METOAOM
onTuMu3anuu (comnpsikeHHbIX rpaauentoB, BEGS, L-BFGS u np.).



Teneps paccmotpum ciaydain % = {1,2,..., K }.
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3ameuanne 9.4 Jlerko BUIETh, YTO MAaKCUMM3AIUS JIOTApU(PMUAYECKON PYHKIIUM MPaBIONOI00US SKBUBAJICHTHA
MUHUMM3ALUNA SMIIUPUYECKOTO PUCKA
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R(ﬁ)z—ﬁé = NZ( ng(x, 8) + (1= ) n(1 - g (2", 8))),
€CIIM B KaueCTBe IITpapHON (PYHKIHU PACCMOTPETh Kpocc-aHmponuto (Miu logloss-QpyHKIMI0):
L(g(z,8),y) = —ylng(z,8) — (1 —y)In(1 - g(z, B)).

AHAJIOTUYHO 114 cliy4dasi K KJIacCOB:
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€CIIM B KauecCTBe IITpapHON (PYHKIUU PACCMOTPETh Kpocc-amponuto (Miu logloss-QpyHKIMI0):
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9.1.2. Perynapusaums
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Jloructrueckas perpeccus
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